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Agenda
 Why no-code ML?

» Using ready-to-use models

* Preparing and analyzing data

» Creating custom models

« Using generative Al

* Demo
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Why no-code machine learning?
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Building practical ML applications is hard

The bottleneck

BUILDING BETTER ML
APPLICATIONS CAN BE THE
BOTTLENECK BECAUSE:

« Line of business teams depend on data Machine
science teams to make machine learning (ML) | . dat
powered decisions > A\ éarning data

flywheel

« Data science teams are oversubscribed, while
ML needs are only increasing

» High learning curve for technical users to
learn how to code

 Friction points in the machine learning
journey and prioritizing use cases
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Business Data preparation and N Model development, Model deployment

requirements feature engineering training, and tuning inference and monitoring
............................................................ Amazon SageMaker Canvas ................ccocceeevviiiiiinereennen,
- A dedicated no-code workspace for business analysts to generate ML-powered predictions 2-Way

Business : | Canvas

Teams A visual point-and-click interface that allows analysts to generate accurate ML predictions on their own — without
: requiring any machine learning experience or having to write a single line of code.

Collaboration

+ RS Amazon SageMaker StUdio ............ococeueurireeueuririneucieineneenens :

A dedicated workspace for data engineers, data scientists and ML Ops teams to collaborate and bring ML to market faster

: Data Wranaler

: A faster, visual way to aggregate and
Data :
Science prepare data for machine learning

Teams Autopilot Many
AutoML capability that automatically prepares your data, as well as builds, trains, and deployment
tunes the best machine learning models for your tabular and time-series datasets options

‘ JumpStart

Pre-built solutions and a model zoo of pre-trained and easily tunable state-of-the-art
models for computer vision, and natural language processing

L | ;
Wl Work with Bl data, enhance
dashboards with predictions,

Amazon Data Stores — 40+  €xport models and artifacts
QuickSight Connectors




Amazon

SageMaker Canvas

Build ML models and generate accurate
predictions — no code required
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Quickly access and prepare
data for Machine Learning

Built-in AutoML to build models
and generate accurate predictions

Share ML models and collaborate
with data science teams

Usage-based pricing to avoid
licensing fees and reduce TCO

Import ML models from any tool within or
outside Amazon SageMaker and generate
predictions directly in SageMaker Canvas
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Ways SageMaker low-code/no-code helps

aws
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Accelerate data science teams Enable business users
Do more with your current team by
using low-code machine learning
tools in order to
get to the desired
outcomes faster.

Give business users and analysts the
ability to do ML without any code,
scaling the number of people
who can create ML powered
insights, forecasts,

and predictions

Collaborate together

SageMaker LCNC ML has several points of collaboration
making it efficent for Business users to use data scientist
models or for data scientists to make changes on the
models analysts build and creating one place for all the
analytics and machine learning in a team or organization

© 2024, Amazon Web Services, Inc. or its affiliates.



Amazon SageMaker Canvas

Self-service access to a business-friendly tool for 4
machine learning Amazon SageMaker Canvas

Creating application... O

¢

Home

Get started

9& Get started with quick actions to build and use ML and generative Al models — no code required.
Data Wrangler

®

My Models

Prepare and analyze data Build a custom model Compare GenAl models & query docs Explore ready-to-use-models

‘® Learn to build machine learning models for different real world use cases. Explore Workshops &

Ready-to-use

Recent work Canvas news

*®

Shared Models

& Data flows + Create a data flow Featured blog

Detect anomalies in manufacturing data using
Last updated Amazon SageMaker Canvas

Feb 15



Ready-to-use models

Ready-to-use models

Document queries

Data Wrangler Extract information from structured documents such as paystubs, bank statements, W-2s, and mortgage

application forms by asking questions using natural language
() Powered by Amazon Textract
4

My Models

Entities extraction

Extract entities, which are real-world objects such as people, places, and commercial items, or units such as
dates and quantities, from text.

Powered by Amazon Comprehend

Ready-to-use

Personal information detection

Detect personal information that could be used to identify an individual, such as addresses, bank account
* numbers, and phone numbers, from text
Shared Models
Powered by Amazon Comprehend

a Text detection in images

Detect text in your images.

Powered by Amazon Rekognition

Identity document analysis

Extract information from passports, driver licenses, and other identity documentation issued by the US
Government

Powered by Amazon Textract

Sentiment analysis

Detect sentiment in lines of text, which can be positive, negative, neutral, or mixed

Powered by Amazon Comprehend

Language detection

Determine the dominant language in text such as English, French or German.

Powered by Amazon Comprehend

Object detection in images

Detect objects, concepts, scenes, and actions in your images

Powered by Amazon Rekognition

Expense analysis

Extract information from invoices and receipts, such as date, number, item prices, total amount, and payment
terms.

Powered by Amazon Textract

Document analysis

Analyze documents and forms for relationships among detected text

Powered by Amazon Textract




Object detection of images

r Ready-to-use models Object detection in images  ready-to-use model

Home

Single prediction Batch prediction @ Pricing Information

&

Data Wrangler Use single prediction to get real-time results on the image you upload. The results are the different objects detected from the image.
To generate prediction results from multiple image datasets, use batch prediction instead.

®

My Models

®)

Upload an image to generate predictions.

[ Upload image

LabelDetection.jpg Prediction results

&

Ready-to-use

B Confidence (O

* “ o Clock Tower
Shared Models 4 .

=

Gen Al

@ Vehicle
e o |

54
ZN

e Housing 95%

i ; : J
— | i F oL o Tour Bus

@ Double Decker Bus

Log out
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[ Ready-to-use models Expense analysis  ready-to-use mogel
Home

Q Prediction results
Use single prediction to get real-time results on the document you upload. The results are the different summary and line item fields detected from the document.

9 To generate prediction results from multiple document datasets, use batch prediction instead. ) .
Summary fields Line item fields

Data Wrangler

Upload a document to generate predictions. Select sample document

6) & Upload invoice or receipt O Invoice @ Receipt

My Models

Prediction results

Summary fields  Line item fields BROO BROWN ALE

Receipt.jpeg

& WHOLE
FmDS Il Confidence (O BOTTLE DEPOSIT

) L MARKET |

Shared Models

Lu.,rd.,t PR VENDOR_PHONE L DRSCL STRAWBERRIES

i 917-728-5700

2IP_CODE 100% OVF OG LG EGGS

10036

365 WHL MLK

NOOSA HONEY YOGHURT

Sold Items:

13

futald 7
® I 1T ; 365 OG ROMAINE BAG

INVOICE_RECEIPT_DATE 100%

04/02/2019

o o X , ; : : A . : 365 SALTED CORN CHIPS

Log out
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Identity document analysis

r Ready-to-use models (2] Identity document analysis  ready-to-use mode!

Home

Single prediction Batch prediction 6 Pricing Information

&

Data Wrangler Use single prediction to get real-time results on the identification document you upload. The results are the different fields and values detected from the identification document.
To generate prediction results from multiple document datasets, use batch prediction instead.

™

My Models Upload a document to generate predictions.

[ &) Upload document

DriversLicense.png Prediction results

Ready-to-use /

* MASSACHUSETTS 2 ))

Shared Models

DATE_OF_ISSUE

4alISS 4d NUMBER

= 03/18/2018 736HDV7874)SB 03/18/2018

Gen Al

B EXP 1 DOB
01/20/2028 03/18/2001
OCIASS M2REST  (OEEND

D NONE NONE

ad M A R I A ZIP_CODE_IN_ADDRESS

2 GARC.A 02801
s | L100 MARKET STREET
BIGTOWN) MA) 02807

18 eves BLK

Marid Carcld ™=F me#s O oamgryong mATOLATE

5Db003/12/2019 REVI03/12/2017

736HDV7874JSB

© 2024, Amazon Web Services, Inc. or its affiliates.




Personal information detection

¢

Home

&

Data Wrangler

®

My Models

Ready-to-use

*

Shared Models

=

Gen Al

Ready-to-use models Personal information detection  reacy-to-use model

Single prediction Batch prediction

Use single prediction to get real-time results on the text you enter. The results are the entities extracted from the text.
To generate prediction results from multiple tabular datasets, use batch prediction instead.

Text field Generate prediction results

0 Canvas currently only supports English language. If non-English text is entered, you will get incorrect prediction results.

Hi John, this is Carlos from Acme Financials. Your credit card with account number 1234-5678-9012-3456 has been activated. Starting on the next billing cycle,
we will automatically withdraw your payment from your bank account number 1234-5678 with routing number 123456789.

© 2024, Amazon Web Services, Inc. or its affiliates.
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6 Pricing Information

Prediction results

[l Confidence (O

1234-5678-9012-3456

@ CREDIT_DEBIT_NUMBER
1

1234-5678
@ BANK_ACCOUNT_NUMBER

123456789
e BANK_ROUTING
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r Ready-to-use models > [E) Sentiment analysis rescy-to-use moael + Create a custom model

Home

Single prediction Batch predictior 6 Pricing Information

&

Data Wrangle . - . - . .
ata Yrangler Use single prediction to get real-time results on the text you enter. The results can be positive, neutral, negative, or mixed.

To generate prediction results from multiple rows of text, use batch prediction instead.
®

My Modets Text field Generate prediction results Prediction results

o Canvas currently only supports English language. If non-English text is entered, you will get incorrect prediction results. X

[l Confidence (O

I enjoyed visiting Mexico. It was very comfortable but also expensive. The amenities were ok but the service was better than | expected. Chichen Itza and Museo

Nacional de Antropolagia are my top favorites| Positive

Ready-to-use

*

Shared Models
Negative
=

Gen Al
Neutral

© 2024, Amazon Web Services, Inc. or its affiliates.




Text detection in images

[ Ready-to-use models > [ Text detection in images reacy-to-use mocel

Home

UL S P UIL LU U YL T L GG TOIULLD U UG B Y UL U AUEUL | UGS S L S SUAL TS UL LU U L Sy

To generate prediction results from multiple image datasets, use batch prediction instead.

@ Upload an image to generate predictions.

Data Wrangler
@ Upload image

TextDetection.jpg

®

My Models .
Prediction results

[l Confidence (O

Ready-to-use

* - o but keep

Shared Models

=R

Gen Al

® Smiling
e

© 2024, Amazon Web Services, Inc. or its affiliates.




Document analysis

r Ready-to-use models > [E} Document queries resdy-to-use mogel

Home
Single prediction

&

Data Wrangler Use single prediction to get real-time results on the document you upload. The results are the values detected from the document.

(:) Upload a document to generate predictions.

My Models
[ Upload document

SampleDocuments.pdf

Earnings Statement
Ready-to-use FRT I w wod adeg »

L JONN STRES
101 MAIN STREET
. ANYTOWN, USA 12345

Shared Models

Othar Besem it ard
Informaticn tupeod  total o date
Grow Tem U 27,00
can At Paa 22000

— 7 vac
_* - Schs
Gen Al - = T
Impartant Notea
o ray reen voun
MOLIRL Y RATE WAG BEEN AT
70 #1088 FER LR
W WALL B STATING O LNTED WAY
IV S00M AND | 00K FORAGD T

AETCPATON

CEEN
* Exchuded om tedersl lznabio wages

Your fadors wagos th period w0 $360 15

Payeil chock memner

Queries (0) Prediction Results (3)

v Is the document signed?

5 results

yes

Page: 1

e Pricing Information

Confidence 97%

Confidenc

Confidence 70%
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Data preparati




Creating data flow

r Data Wrangler: Data flow

Home

&

Data Wrangler

®

My Models

Ready-to-use

x

Shared Models

=

Gen Al

© 2024, Amazon Web Services, Inc. or its affiliates.

& New data flow 2024-3-31 12:56 PM.flow

Import data Prepare data Scale data operations

To get started...

Import data ~ Select existing dataset -

Tabular

arquet files

Image
NG and JPG file

Sk

)
]
o

Build models




Selecting data sets

Data Source: | €» Local upload

Filterby: = All(55) ~ Frequentlyused ~ X

Upload fil

o
o | DS (1]

Local upload Amazon S3 Snowflake v Redshift v

a N ¥
Athena Databricks v Salesforce Data Cloud ~

Learn more about data

ile here

or

& Select files from your computer

[ Data Wrangler: Data flow > & New data flow 2024-3-31 12:56 PM.flow > Select existing dataset

Home

can select a dataset that has already been imported or you can create a new dataset.

&

Data Wrangler

®

My Models Columns Created Status

canvas-sample-loans-part-2.csv 5,000 03/05/2024 4:23 PM Ready

canvas-sample-housing.csv 10,000 03/05/2024 4:23 PM Ready

canvas-sample-retail-electronics-forecasting.csv 243,000 03/05/2024 4:23 PM Ready

Ready-to-use

aWS © 2024, Amazon Web Services, Inc. or its affiliates.
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Amazon Sagemaker Data Wrangler

r Data Wrangler: Data flow > & New data flow 2024-3-31 12:56 PM.flow > canvas-sample-loans-part-2.csv Data quality and insights repor

Home

Analyses
@ Summary
Data wrangler  Step 2. Data types 5 Chat for data prep = Show steps ® C
Dataset statistics

(Q) id (long) employment_length (float) employer_title (string) home_ownership (string) annual_income (float)
*
Key

My Models

Number of features

Number of rows
||||||| I.lllll-- . ||||I|||I
5 0 e+6 23 1 10 23 30 1 2.7 5 23

1 e

-
7.65 +5

11 Categories A 3 Categories o
Missing
1077501 10 rent
Valid
Ready-to-use
1077430 rent
Duplicate rows

* 1077175 rent

Anomalous samples

Canvas detects anomalous samples using the Isolation forest algorithm after basic preprocessing. The isolation forest associates an anomaly score to each sample (row) of the dataset.
<— Create analysis
e Low anomaly scores indicate anomalous samples.
* High scores are associated with non-anomalous samples.
Analysis type Required = Samples with negative anomaly score are usually considered anomalous and samples with positive anomaly score are considered non-anomalous.

|[Histogram v When you look at a sample that might be anomalous, we recommend that you pay attention to unusual values. For example, you might have anomalous values that result from errors i
the most anomalous samples according to the Canvas’s implementation of the isolation forest algorithm. We recommend using domain knowledge and business logic when you exami

Custom Visualization

Anomaly scores id employment_length employer_title home_ownershi annual_income
Data Quality And Insights Report = ploy! —leng ployer_| £ P i

Data Quality And Insights Report for 0.134 1064924 6.0 united states air force rent 48000.0
Amazon Personalize

Duplicate rows 0.134 1068180 7.0 united states air force rent 49500.0

Feature Correlation 0.134 972383 10.0 new buck corporation mortgage 50700.0

Histogram 1067026 10.0 us air force rent 66000.0

Multicolinearity
977277 2.0 the woodlands ficial group mortgage 175000.0
Quick Model

1058946 10.0 newark public schools mortgage 103000.0




Chat for data prep

Welcome to chat for data prep!
From here, you can explore, visualize, and transform your data using natural language. To get started, we have some guided prompts for you.

Q Plot histogram of the column id 1o} What is the maximum value of the column 1o} What is ‘the mean value of the column
annual_income annual_income

Plot a chart for annual income in $10000 bucketsi

e Plot a chart for annual income in $10000 buckets

The code first converts the annual_income column to $10,000 buckets by floor dividing the values by 10,000. It then creates a bar chart using altair, with
the bucketed annual_income column on the x-axis and the count of records in each bucket on the y-axis. This generates a histogram showing the

distribution of annual_income in $10k buckets.

Count of Records

Annual Income ($10k)

aWS © 2024, Amazon Web Services, Inc. or its affiliates.
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Let’s build a ML model to predict colle
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Creating a new model

Create new model

Model name

Model name

My new model 024-3-31 1:21 PM

supto 32cha

Problem type

Select the problem type you want the model to solve.

@ Predictive analysis (O Image analysis (O Text analysis (O Fine-tune foundation model
Build models using tabular da ts to Build models using image datasets tc B ets tc Customize a foundation model on your
predict single or multiple categories as predict single or multiple categories for X or multiple ¢ ve its performance for a
well as regression and time-series image classification problems specific task or domain

forecast problems

aWS © 2024, Amazon Web Services, Inc. or its affiliates.
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Training data set

Home Insert Draw Page Layout Formulas Data Review View Q Tellme

Calibri (Body) v 12 v AN A 7 EB Wrap Text v General @ e @ ¥, / ¥ sl
= . 7
E Delete v

U ) A = (o) «0 .00 Conditional Format Cell = Sort& Find &
B e Y - Merge & Canter.y $ % A’ ’ bt Formatting as Table Styles BEQ Format v 0 e

Filter Select
€ Possible Data Loss Some features might be lost if you save this workbook in the comma-delimited (.csv) format. To preserve these features, save it in an Excel file format.

fx Marital_status

S 1 U X Y Z AA AB AC AD AE AF AG AH Al Al

}es_ Gender Scholarship_ Age_at_enrc International Curricular_ur Curricular_ur Curricular_ur Curricular_ur Curricular_ur Curricular_ur Curricular_ur Curricular_ur Curricular_ur Curricular_ur Curricular_ur Curricular_ur Unemploym Inflation_rat. GDP Target

1 0 20 0 0 0 0 0 0 0 0 0 0 0 0 0 10.8 14 1.74 Dropout
19 6 14 6 6 13.6666667 139 -0.3 0.79 Graduate
19 0 0 0 0 108 14 1.74 Dropout
20 6 13.4285714 5 124 9.4 -0.8 -3.12 Graduate
45 5 12.3333333 6 13 139 -0.3 0.79 Graduate
50 5 11.8571429 5 115 16.2 03 -0.92 Graduate
18 133 8 14.345 15.5 2.8 -4.06 Graduate
22 0 0 0 15.5 28 -4,06 Dropout
21 6 14.1428571 16.2 03 -0.92 Graduate
18
18

oo o0oocooco o
oo o0oo0oo0ooco o
[N - - C R - R - R - -
oo ouwvwoooo

OO RO O
OO OODODOO

r My models > New model 2024-4-1 9:20 AM > Version 1

Home

P ©O O O O OO KRR
Pooroooocooo
Poococoo0oO0oO0o0o o
o O OO LM N OO Oy

Select Build Analyze Predict

&

Data Wrangler Select dataset

®

My Models

Joined

Columns Created Status

Ready-to-use

(®  student_dropout 163,688 04/01/2024 9:20 AM Ready

aWS © 2024, Amazon Web Services, Inc. or its affiliates.
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Model configurations

Configure model

Basic Training method

Model type (i) Configuring the Ensemble or Hyperparameter optimization training method will default to Standard build.

Advanced - Optiona

selects the algorithms that are most re

Conﬁgure model < Reset to default settings

Objective metric ha b o P 5

e best-performing model candidate is chos R
Basic Training method
Training method and algorithms

Model type Configuring the Ensemble or Hyperparameter optimization training method will default to Standard build.

Data split

Advanced - Optional Auto

Max candidates and runtime ( s select: 1e algorithms that are most relevant to your dataset and the best range of hyperparameters to tune mr

Objective metric SRR R 3
performing model candidate is chosen.

Training method and algorithms Ensemble

jorithm based on your data and trains a multi-layer stack ensemble model to make predictions fc

Data split

O Hyperparameter optimization
Max candidates and runtime

Algorithms

elect the algorithms that you'd like to test for improving the model's prediction accuracy

XGBoost Linear Models

A supervised learning algorithm that attempts to accurately A framework that uses a linear equation to model the
predict a target variable by combining an ensemble of relationship b een target label and feature vector in

estimates from a set of simpler and weaker models observed data

LightGBM CatBoost

A framework that uses tree-based algorithms, gradient A framework that uses tree-based algorithms with gradient

boosting, and histogram-based algorithms to optimize speed boosting. Optimized for handling categorical variables

-

aws

N
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Preview model

Select Analyze Predict Deploy

&

pta Wrangler Select a column to predict Model type

the target column. The model that you build predicts values for the ¢ N SageMaker Canvas automatically recommends the appropriate model type for your

at you select analysis

Target column

@ (Targed

9 3+ category prediction

Your model classifies Target into 3 or more categories.

Configure model

student_dropout v Q

* Full dataset: 4.4k rows g

ared Models

i= [0 Manage columns = Managerows AX Timeseries  Viewall

Column name Data type (O Feature type () Missing (O Mismatched (O

Unemployment_rate 123 Numeric 0.00% (0) 0.00% (0)

=

Gen Al Tuition_fees_up_to_date 123 Numeric Binary 0.00% (0) 0.00% (0)

Target Target Categorical 0.00% (0) 0.00% (0)

Column impact ©

O\

Q Curricular_units_2nd_sem_approv

2 Curricular_units_1st_sem_approv

Curricular_units_2nd_sem_grade_

Tuition_fees_up_to_date

Impact on prediction

Curricular_units_2nd_sem_evalua

Course

Curricular_units_2nd_sem_enroll

Unique (D

10

Quick b

Preview model

Correlation to target ()
0.009
0.41

Graduate

Impact of Curricular_units_2nd_sem_approv on prediction of Target

Data visualizer

- 3.58 All other classes

Age_at_enrollment

aWS © 2024, Amazon Web Services, Inc. or its affiliates.
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Curricular_units_2nd_sem_approv

+ Preview model

Estimated accuracy (O

78.983%

The model predicts the correct target

(Target) 78.983% of the time.

Column impact O

Q

Curricular_units_2nd_sem_approv

Age_at_enrollment
I

Curricular_units_1st_sem_approv
I




Prediction using the model

Y Z AA AB AC AD AE AF AG AH Al Al AK

tional Curricular_ur Curricular_ur Curricular_ur Curricular_ur Curricular_ur Curricular_ur Curricular_ur Curricular_ur Curricular_ur Curricular_ur Curricular_ur Curricular_ur Unemploymi Inflation_rat: GDP Target
0 0 0 0 0 0 0 0 0 0 0 (1] 0 10.8 14
14 6 6 13.6666667 139 -0.3
0 0 0 0 10.8 14
13.4285714 10 5 12.4 9.4 -0.8
12.3333333 6 6 13 139 -0.3
11.8571429 17 5 115 16.2 0.3
133 8 8 14.345 15.5 2.8
0 5 0 0 15.5 2.8

ONUVULOO O

To make predictions on a dataset, select it or import it. The dataset that you select must have the same number of feature columns as the training dataset. @

oo ocoOoOrROOOOO OO
cooCcoO0OCOO0OCOoOOo
LR R - - R R R R - B - R - )

Q

Columns Created

student_dropout_prediction 04/01/2024 10:00 AM

student_dropout

batchinfer-New model 2024-4-1 9:20 AM-student_dropout_prediction-1711980102

Prediction (Target) Probability Marital_status Application_... Application_... Course Daytime_eve...
Dropout

Graduate

Dropout

Graduate

Graduate

Dropout

aWS © 2024, Amazon Web Services, Inc. or its affiliates.
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What is generative Al?

» Generative artificial intelligence is artificial intelligence capable of generating text, images,
videos, or other data using generative models, often in response to prompts. Generative Al

models learn the patterns and structure of their input training data and then generate new
data that has similar characteristics.

 Large language models (LLM) are very large deep learning models that are
pre-trained on vast amounts of data

aWS © 2024, Amazon Web Services, Inc. or its affiliates. 28
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No code generative Al

A\ Claude2 = d Titan

B To get started, tr Claude 2

by Anthropic

() Create a summa generate an email to send thank note to customer
(Key Performan Titan
for monitoring ¢
evaluating the s
marketing camg Claude Instant a Sure, here is an email draft for a thank-you note to a customer:
by Anthropic

[Insert name]:

Jurassic-2 Ultra
by AI21 Labs | wanted to take a moment to express my sincere gratitude for your recent purchase with us. We truly appreciate your business and are

delighted to have had the opportunity to serve you.

Jurassic-2 Mid
by Al21 Labs | want to assure you that we are committed to providing the highest level of customer service and satisfaction. If you have any questions or

concerns about your purchase, please do not hesitate to contact us. We are always here to help and will do our best to ensure your complete
Llama-2-13b-Chat satisfaction.
by Meta

Once again, thank you for your purchase and for choosing [Company Name). We look forward to serving you again in the future.
Llama-2-70b-Chat
by Meta Sincerely, [Insert name]

Start up another model

aWS © 2024, Amazon Web Services, Inc. or its affiliates.
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Customer stories
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What universities are saying

4 One of the hardest parts about programming with machine learning is
configuring the environment to build. Students usually have to choose
the compute instances, security polices, and provide a credit card. My
students needed Amazon SageMaker to abstract away all of the
complexity of setup and provide a free powerful sandbox to experiment.
This lets them write code immediately without needing to spend time
configuring the ML environment.

Dan Roth

Distinguished Professor of Computer and Information Science at the University of Pennsylvania

aWS © 2024, Amazon Web Services, Inc. or its affiliates. 31
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What universities are saying

4 Amazon SageMaker will help my students learn the
building blocks of machine learning by removing the
cloud configuration steps required to get started. Now,

in my natural language processing classes, students

have more time to enhance their skills. "

Sanjiv Das
Professor of Finance and Data Science at Santa Clara University

> © 2024, Amazon Web Services, Inc. or its affiliates 32



How to get started with Amazon SageMaker Canvas

Immersion Day MOOC via Coursera Getting started tutorial

aws.amazon.com/sagemaker/canvas

aWS © 2024, Amazon Web Services, Inc. or its affiliates
U
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https://immersionday.com/amazon-sagemaker-canvas-immersion-day/
https://www.coursera.org/learn/no-code-ml-aws
Getting%20started%20tutorial:%20https:/aws.amazon.com/getting-started/hands-on/machine-learning-tutorial-generate-predictions-without-writing-code

dWs
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Thank you!

Please complete the session survey
by scanning the QR code
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